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ITEPIAHYH

Ta tedevtaia ypovio €xel avadeybei n onuacio tov Generative Adversarial
Networks(GANS), kafd¢ kot ot ThavEG ¥pNoELS TOVG GTO £YYVTEPO HEALOV. X€ VTN TV
TTUYL0KY gpyacio mpokettatl vo e&nynoel Aemtopepdc M 10€0 VOGS LOVTEAOD UNYOVIKNG
uabnong mov Paciletan kvpimg oo Generative Adversarial Networks aAld koBd¢ kot

T EPYAAELD TOV YPNGILOTOON KAV Y10 TNV OAOKANPMGT] TOVL.

‘Eva Generative Adversarial Network givot éva povtédo unyovikng uébnong to
omoio amoteleitar and Vo Pacikéc cvviotmoes. H mpdt givar to G(Generator) tunua
Ko 1 devTePN eivan to D(Discriminator) tunua. Katoémy eknaidevong, To poviélo gival
oe Béom va Kavel dvo mpdypata to omoia opilovtal amd TG GUVICTMOGES TOV. ATO TV
pio, pmopel vo mapdyetl delypora (samples) péow tov G, ta omoia givor oyeTikd pe to
delyparta pe To omoio EKTAOEHTNKE TO HOVTELD, dNAOdN ol Ta dedopéva ekTaidevoNg.
Ao v GAA, givor kou og B€om va dwywpilel av éva delypa mponAbe eite and 10 G

elte and ta dedopéva ekmaidevong, péow tov D.

To poviého 610 omoio ava@épetol avth 1 TTuyleKY epyacia cuvdvdalet GANS
pali pe teyvikég Convolution 6cov agopd v eneéepyocio TV SEGO0UEVOV IGO0V Yia
v ekmaidevorn. Emiong, é€xet yiver évoag ovvovaoudg pe Recurrent Neural
Networks(RNNs) kot mo ovykekpyéve m  eeoppoyny evog Long Short Term
Memory(LSTM) nov endyel Tnv duvotodtnta duvapukng evoounong ypovoe&optmuévav

YOPAKTNPIOTIKOV KOl EEAYWYNG GLGYETIONG LETAED avOpOTIVOV KIVGE®V.

TéNog, T0 povtého avto eivan oe Béom va mapdyet deiypoto Bivieo mov mepiEyovv
avOpOTOVG VO TPAYUATOTOOVV KIVAGEL, AALL Kot vo. dtaywpilel av Ta deiypato avtd

mponABav and tov G 1 amd To dedopEVA EKTAIOEVOTG.

AéEerg kheword: GANs, RNNs, LSTM, Convolution, Generator, Discriminator.



ABSTRACT

In recent years, the importance of Generative Adversarial Networks (GANS) has
been discovered and their potential uses in the near future became obvious. In this
thesis, the idea of a machine learning model based mainly on Generative Adversarial

Networks will be explained in detail along with the tools used to complete it

A Generative Adversarial Network is a machine learning model that consists of
two basic parameters. The first parameter is G (Generator) and the second is D
(Discriminator). After training, the model is capable of doing two things that are defined
by its parameters. First, it can produce samples through G, which are related to the
samples which the model was trained with, the training data. On the other hand, it is
also able to discriminate if a sample was produced either from G or from the training
data through D.

The model referred to in this dissertation combines GANs along with
Convolution techniques for processing input data for training. In addition, a
combination of Recurrent Neural Networks (RNNs) and more specifically the fitting of
a Long Short Term Memory (LSTM) has been made for a better convergence of the
algorithm due to its ability to memorize features and extract dependencies between

human movements.

Finally, this model is able to produce video samples that present human motion,

but also to separate whether if these samples came from G or from the training data.
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